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Radar emitter identification based on unintentional
phase modulation on pulse characteristic
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Abstract: Aiming at the problem of poor performance of the classification model in the case of unintentional phase mod-
ulation on pulse (UPMOP) to achieve radar specific emitter identification, a method for radar specific emitter identifica-
tion with long and short-term memory and full convolutional networks (LSTM-FCN) was proposed. Firstly, a simplified
observation model of the intrapulse signal phase considering the intentional modulation was presented, and the observa-
tion phase sequence was deramp to extract the noisy estimate of the UPMOP. Then Bezier curve was utilized to fit the
UPMORP to reduce the influence of noise and obtain a more accurate description of UPMOP. Finally, the LSTM-FCN was
used to extract the joint features of UPMOP sequence to realize the radar specific emitter automatic identification. Both
the simulation experiments and the measured data experiments verify the feasibility and effectiveness of the proposed al-
gorithm. Moreover, the proposed algorithm has high identification accuracy and short time consumption.
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